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Classification of Rubbing Objects
Using Wireless Accelerometers and Convolutional Neural Network
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Many methods of collecting haptic information were proposed by many reserchers. In our

previous research, we proposed a method of collecting accelerations in haptic behaviors using

wireless accelerometers. The method enables to collect haptic information easier than other pre-

vious methods. However, classification of the information was not researched enough. Therefore,

in this paper, we collected haptic information using the method and classify the information

using Convolutional Neural Network. We performed an experiment to classify rubbed objects.

Our system classified 90 kinds of haptic information by 88.7%. In addition, we performed an

experiment to classify rubbed objects in real-time. Our system classified 15 types of object,

71.0% on average.
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Fig.1: TWE-Lite-2525A [6] (MonoWireless Inc.).
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Fig.2: Composition of CNN.
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Fig.4: Textures.
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Table 1: Result of classification.
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Table 2: Result of real-time classification.
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